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ABSTRACT

This paper considers hedge and basis simultaneously to investigate MSCI Taiwan
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Index futures and TAIFEX Stock Index futures, and we compare which is appropriate to
hedge the Taiwan stock Index. It compares the hedging effectiveness in ECM model,
univariate GARCH, bivariate GARCH model and Kalman filter model. The main empirical
results are as follows, we find the significance of unit roots and thus the non-stationary of
the price series, so price series should be differenced to induce stationary. We also find
evidence of cointegration between spot and futures prices. In the out-of-sample
comparison, The univariate GARCH model outperforms all other hedging models , and
TAIFEX Stock Index futures is the best instrument to hedge the Taiwan stock Index.
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