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ABSTRACT

The study is focused on the On-line Single Vehicle Dispatching Problem (OSVDP),
which means the dispatching of single vehicle to satisfy multiple requests that evolve in a
dynamic fashion. Time window for serving the customers are considered. To deal with the
impact of traffic congestion, the time-dependent speed function is applied to calculate the
traveling time when the vehicle is routing between two customers or between a customer
and the depot. A dynamic programming based algorithm is developed for solving OSVDP.
In the last section, some testing results on small, randomly generated problems are also
discussed and reported.

Key words On-Line Problem, Time-Dependent, Vehicle Dispatching, Dynamic
Programming
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